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3-4 Kernel k-means

Clustering accuracy (%) achieved by each clustering algorithm for 10 data sets

Data set Conventional Kernel
f-means FCM Average Mountain f-means FCM Average Mountain

BENSAID 79.59 73.47 100.0 85.71 83.67 93.88 100.0 100.0
DUNN 70.00 70.00 100.0 83.33 71.11 95.56 100.0 100.0
IRIS 89.33 89.33 90.67 52.67 96.00 93.33 89.33 93.33
ECOLI 42.86 49.11 76.49 51.19 68.75 61.01 77.38 69.05
CIRCLE 50.76 52.79 62.44 55.84 100.0 93.40 82.74 62.94
BLE-3 65.67 63.67 56.00 70.33 76.33 74.67 100.0 71.67
BLE-2 88.50 87.75 100.0 85.25 100.0 94.00 100.0 100.0
UE-4 Fi:25 66.00 71.45 73.50 100.0 98.50 100.0 84.75
UE-3 95.83 95.00 100.0 51.17 98.83 96.67 100.0 95.67
ULE-4 76.25 94.75 76.25 96.25 98.00 96.25 100.0 96.25
Avg. (%) 73.60 74.39 83.33 70.52 89.27 89.73 94.95 87.37

Evaluation of the performance of clustering algorithms in kernel-induced feature space, Pattern Recognition, 2005




. odm 248 THARIEES
[ ] 3 S www.itheima.com
a ! EERER TR THERE

3-4 Kernel k-means

Clustering accuracy (%) achieved by each clustering algorithm for 10 data sets

Data set Conventipnal Kernel
f-means FCM Average Mountain f-means FCM Average Mountain

BENSAID 79.59 73.47 100.0 85.71 83.67 93.88 100.0 100.0
DUNN 70.00 70.00 100.0 83.33 71.11 95.56 100.0 100.0
IRIS 89.33 89.33 90.67 52.67 96.00 93.33 89.33 93.33
ECOLI 42.86 49.11 76.49 51.19 68.75 61.01 77.38 69.05
CIRCLE 50.76 52.79 62.44 55.84 100.0 93.40 82.74 62.94
BLE-3 65.67 63.67 56.00 70.33 76.33 74.67 100.0 71.67
BLE-2 88.50 87.75 100.0 85.25 100.0 94.00 100.0 100.0
UE-4 Fi:25 66.00 71.45 73.50 100.0 98.50 100.0 84.75
UE-3 95.83 95.00 100.0 51.17 98.83 96.67 100.0 95.67
ULE-4 76.25 94.75 76.25 96.25 98.00 96.25 100.0 96.25
Avg. (%) 73.60 74.39 83.33 70.52 89.27 89.73 94.95 87.37

Evaluation of the performance of clustering algorithms in kernel-induced feature space, Pattern Recognition, 2005




i 3 Bkt Oz

3-4 Kernel k-means

A
5)

o kernel Eéﬁtﬁjﬁ%m

BEaZETSBR
Q kmeans SHERITES )




. odm 248 THARIEES
[ ] 3 S www.itheima.com
a ! EERER TR THERE

3-5 k-medoids (k-Ao(yBREEE)

K-medoidsflK-means@B X389, A—tEadithB TG madiEE:
K-meansd, &0 RBAZERIclusterTEEIERAVSE, R EREHUE

K-medoidsH, &M Hgicluster PIZENEIEMTE (Haiclusterdll) mRYEE 2 HR/NIRIEAROR.
10 10
=1 a
; i ; T
RN A
| { i ’I>—
: 1 ,; .y
z z [
: ) : I
g M3 203 & g e B B A8 g M4 -2:-F- # 5 g B B8




BIERR

a N S
e 3 4§ www.itheima.com
. l EEEEE TR THERE

3-5 k-medoids (k-moERSEESE)

K-medoids{ER4ITE(EF] (Sum of Absolute Differences, SAD) BIEERESEREERMN
iss, EnfE=iaF, TtESADRIATVII FATR:

nci

SAD=2 D ec, 4ist(p1,0,) = ZZM \/Z(Py%




EE’:EFA

s 3 Eiki
3-5 k-medoids (k-moERSEESE)

ik

(1)BRN MR R ERIEEK N R Imedoids

(2 RS medoidsBRITAIER, BRISHIN-k M RD BRI ZHRIRENIMedoids({ZRAIZEH

(3 )MFTFEBIMEFIRI N medoidsRIMIFFER R, FIMFHESEIFEImedoidshy, TERERIE, &
PREFERIEE, BN R/ NI XS N AY A F /93 EImedoids

(4)ES2-3p931E, BERIFfERIMedoids RABRERIEBIATIRERIGEAIEIXEL

(5 )FFHEREMREAIK R




=OEFR
3 Btk

3-5 k-medoids (k-ARi(\BREESE)

K-medoidsik-meansiz{T45 R G WL X B0 ?

Kmedoids Cluster Kmeans Cluster
s 5) ¢ b5 ) O
n 0g © n O ©
@]
0 D%Z} 0 f"&
o 2= ;*_:.___"-::5 o = c. (t':':v e
=2} e ﬁq;l"?“% OC.I = @ .\JE}
L \'\-_.:__._, O
0 o © 800 o % o 800 o
O
o | o - o
¥ o o 0
| ] | | |
-5 0 L) -5 0 b5




3 |Kixfitlb
3-5 k-medoids (k-mRi(\BREESE)

K-medoids#ik-means3&ii,
ZIRGITERERRERN,

Kmedoids Cluster

muk-meansSIHHEKETK, 0 o
SHE RS TERIERIEE W = o
O
jc° b = :‘.:-_:_3;5 @@ g
= %r}:?’% ol 5
© 4o ©°8c0,
— 9 o
o o]
| | |
5 0 5

-10

BIERR

www.itheima.com
EEEEE TR THERE

Kmeans Cluster

o

iz

O

c %8@%?&%
@sw .




%Eﬁ T" 4]
3 BiEffik

3-5 k-medoids (k-AoyBREEDE)

WYaTE FRBEHIEEL oaRE R RBREEFART
{ERMeans(YENFARR, IREREU {FFAMedoids(FPRENIEER A

NEIEEARE, BEREERL TR A ANEAZESI (categorical) FERUGIRHIE

RIEISZRE: O(n*k*t), t/9IERES RIAISZRE: O(n2 *k*t), tAIEURE

K-Means BEXS ANMEETEER L K-MedoidsEEX S MIMEEIRIERERYF, (BHgaItRE

HEURERNBIRENER

KryE XHER EBBREEF IR AN EREE

BETUMEES




=]
a N < %
e 3 4§ .itheima.co
[ ] l EEEEE TR THERE
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